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# # 6370456521 : MAJOR ELECTRICAL ENGINEERING

KEYWORD: PAPR, OFDM, Tone reservation, SVM, ANN
Tayakorn Mahakornpetch : PAPR Reduction for OFDM Signals Using
Machine Learning Techniques. Advisor: Assoc. Prof. CHARNCHAI
PLUEMPITIWIRIYAWEJ, Ph.D.

The purpose of this thesis is to apply support vector machines and
artificial neural networks to select appropriate alternate tone reservation to reduce
the PAPR of OFDM signals. Test and evaluate the performance of the developed
PAPR reduction technique against a full search algorithm that achieves the best
PAPR reduction. In the research, an OFDM signal simulation program was
developed to calculate the PAPR value of the system by considering both the case
and not using the PAPR reduction technique with the tone reservation technique.
Create datasets for training and testing. Develop and apply machine learning using
support vector machines and neural networks to select appropriate alternative
tone reservation. Test and compare the PAPR reduction performance of the
developed algorithms by complementary cumulative distribution function. The
study found that both techniques can help reduce PAPR problems, with the neural
network method having better results than the support vector machine. Therefore,

it can be applied with tone reservation techniques as another option.

Field of Study:  Electrical Engineering Student's Signature ..o

Academic Year: 2023 Advisor's Signature ..o
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(@) Mngudnuees (Sigmoid)

K(x,y)=tanh(px"y+r)
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wingduileg 4 nua Yugavineiiendn uvieen (output layer) Mludegradiiiiiedlnun
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